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Abstract— The focus of this work is to provide an insight
into the judicious positioning of either a sensor device or
a collocated actuator/sensor pair in SISO transport systems
represented by parabolic differential equations. The optimal,
with respect to a given measure, placement of a sensor device
has a significant effect on the overall performance of a controller
with a considerable contribution in energy reduction. This is
more evident in the case of a functional observer, i.e. an observer
that estimates not the entire state, but a weighted product of the
state. When a functional observer is used to estimate the (inner)
product of the state with a feedback gain, the computational
demand is significantly reduced since now only a scalar quantity
is estimated as opposed to a high-dimensional observer required
in an observer-based controller. The efficiency and performance
of the functional observer is additionally enhanced when the
sensor location is embedded into the control design. By incor-
porating the effects of exogenous inputs that enter the system
via a given distribution vector, a sensor location-parameterized
measure is considered and static optimization allows one to
optimize both the sensor location and the performance of the
resulting functional observer-based controller. A case study of a
diffusion process is presented where the performance-enhancing
capabilities of the proposed location optimization and control
scheme is evaluated through detailed simulation studies.

I. INTRODUCTION

In the last three decades there has been a significant
activity in the problem of actuator and sensor placement
in distributed parameter systems. Indeed, the importance of
actuator/sensor selection and placement in the overall system
performance has been recognized as an important design
component in many systems (see the survey papers by van
de Wal and de Jager [1] and the book by Uciński [2]).

It is widely accepted that an optimal actuator/sensor
placement according to a set of prespecified closed loop
performance optimality criteria, results in minimal energy
use while important performance objectives can be simulta-
neously attained. However, the traditional approach to the
actuator/sensor placement problem has been the selection
of locations based on open loop considerations that ensure
that necessary controllability/ observability criteria are met;
e.g. improving controllability and observability using con-
trollability and observability indices. This approach relies on
a conceptual “decoupling” of the actuator/sensor placement
problem from the feedback controller synthesis one.

Quite recently, research efforts focused on the problem
of integrating the aforementioned design stages into a co-
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herent and unified scheme that simultaneously addresses
the actuator placement policy problem and the controller
synthesis one, see for example [3], [4], [5], [6]. In the above
approaches, the actuating and sensing devices are placed on
locations that minimize a certain functional describing closed
loop performance optimality criteria (usually quadratic).

Closer to the current work, the case of sensor placement
based on a functional observer requirement has not been
addressed for the case of distributed parameter systems other
than a preliminary work in [7].

A functional observer may be used to estimate not the
entire state, but rather an inner product of the state weighted
by the feedback gain (kernel). Instead of estimating the entire
state using a full-order observer and subsequently replacing
the estimated state into the control signal computation, one
may simply estimate the portion of the state that is required
by the control design. The reduction in the computational
load to simulate the state of the observer can immediately
be seen. In a SISO system one has to simulate a scalar
filter as opposed to a full-order state estimator. Adding an
element of performance improvement beyond computational
savings and ease of real time implementation, one may
embed the sensor location problem into the control system
which utilizes the output of the functional observer as the
control input. The outcome of this optimization will provide
the “optimal” sensor location, since it will be chosen from
all candidate sensor locations that render the functional
observer feasible and minimize an energy norm associated
with the resulting closed loop system. Additionally, one may
incorporate the issue of actuator placement for the case of a
collocated actuator/sensor pair into the problem of functional
observer-based controller.

By taking advantage of extensive works on observer design
for finite dimensional systems [8], [9], [10], the proposed
algorithm extends the works from the finite dimensional
literature to a class of infinite dimensional systems gov-
erned by transport processes. While earlier works [11], [12],
dealt specifically with functional observers for diffusion
equations, which are similar in spirit to the problem under
consideration, we follow the observer design from the finite
dimensional results. Using a variant of the procedure in [13],
[14], a performance measure parameterized by the actuator
location is minimized in order to provide the best possible
actuator location. Once the actuator location and its associ-
ated feedback gain are computed for the finite representation
of the infinite dimensional system, the functional observer
which estimates the product of the state with the feedback
gain is parameterized by the sensor locations. Using a similar
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procedure as in [11], the resulting closed loop system is
optimized with respect to the sensor locations, but unlike
the preliminary work [7], the spatial distribution of the
exogenous signal is incorporated into the sensor placement
and controller design optimization.

The problem formulation along with the motivation for
sensor optimization of functional observers is presented next.
The sensor optimization algorithm is summarized in Section
III along with the special case of a collocated actuator/ sensor
pair. The results of a numerical study are presented in Section
IV with conclusions following in Section V.

II. MOTIVATION AND PROBLEM FORMULATION

To demonstrate the proposed integrated sensor location
selection and functional observer-based compensator design,
we consider the 1-D diffusion equation which models many
engineering applications such as conduction in solids, sim-
plified flow problems (linearized Burgers equation), etc. The
dynamics of such processes are described by

∂ζ
∂ t

=
∂

∂ξ

(
κ(ξ )

∂ζ
∂ξ

)
+ a(ξ )ζ + b(ξ )u + d(ξ )ν

ζ (t,0) = ζ (t, �) = 0,

(1)

where ζ (t,ξ ) denotes the state of the system and u(t) the
control signal. The spatial distribution of the control input
is given by b(ξ ) and the operator A φ = (κφξ )ξ + aφ is
assumed to be (strongly) elliptic [13] with κ(ξ )≥ κ0 > 0 and
0 < al ≤ a(ξ ) ≤ au < ∞ for all ξ ∈ [0, �]. The function d(ξ )
denotes the spatial distribution of the exogenous input and
ν(t) represents its square integrable temporal component.

In order to improve the system performance, it is de-
sired to simultaneously optimize the control design and the
sensor/actuator location. This then leads to an integrated
design whereby one penalizes location parameterized per-
formance measures with the ultimate goal of finding the
“best” actuator/sensor location that yields the minimum of
the performance index over a set of admissible locations,
while at the same time providing some level of robustness.

Common approaches on control design for infinite dimen-
sional systems employ a Linear Quadratic Regulator control
problem to design a feedback controller which under certain
conditions may be expressed in terms of the L2 inner product
of a feedback kernel and the state of the system

u(t) =
∫ �

0
k(ξ )ζ (t,ξ )dξ . (2)

In the absence of the full state measurements ζ (t,ξ ),
one is required to include a state estimate ζ̂ (t,ξ ) using
Kalman/Luenburger filters and then replace ζ (t,ξ ) in (2) by
its estimated value to arrive at the control input

u(t) =
∫ �

0
k(ξ )ζ̂ (t,ξ )dξ . (3)

In order to analyze the system and calculate its finite dimen-
sional approximation that would allow one to compute the
control signal, the system (1) is placed in an abstract setting

ẋ(t) = A x(t)+Bu(t)+Dν(t) (4)

where x(t) = ζ (t, ·) is the state of the infinite dimensional
system having a state space X = L2(0, �) with inner product
and norm denoted by 〈·, ·〉X and | · |X respectively, A denotes
the elliptic operator defined above and the input operator is

〈Bu,φ〉X =
∫ �

0
b(ξ )φ(ξ )dξ u(t), φ ∈ X . (5)

Similarly, the operator associated with the spatial distribution
of the exogenous input is given by

〈Dν,φ〉X =
∫ �

0
d(ξ )φ(ξ )dξ ν(t), φ ∈ X .

The control law corresponding to (2) is now given by

u(t) = K x(t), (6)

where K is the feedback operator (cf. (2), (3)):

K φ =
∫ �

0
k(ξ )φ(ξ )dξ . (7)

Using established results [14], [15], a state feedback con-
troller that minimizes the associated LQR functional

J(x0;u) =
∫ ∞

t0

[〈x,Qx〉X + ru2] dt,

can be synthesized, where r > 0 is a suitably chosen “weight-
factor” and Q is a coercive operator. The cost functional
above is finite for a square integrable control input since the
diffusion system in question is optimizable as a consequence
of its exponential stabilizability [14]. In this case one solves
the LQR/H 2 Operator Algebraic Riccati Equation (OARE)

〈A φ ,Pψ〉X + 〈φ ,PA ψ〉X + 〈Qφ ,ψ〉X

+〈PBr−1B∗Pφ ,ψ〉X = 0,

for φ ,ψ ∈ Dom(A ). The optimal control signal can be
proven to be [14] u(t) = −r−1B∗Px(t) = K x(t), and the
resulting optimal value of the cost functional is given by
J∗(x0;u) = 〈x(t0),Px(t0)〉X . For a given operator Q and a
fixed value of r, one may further enhance the closed loop
performance by finding an optimal location ξ of the actuating
device, in the sense of minimizing J∗(x0;u). Usually, there is
a finite set Ξ = {ξ1,ξ2, . . .ξN} of candidate actuator positions
each of which renders the ξ -parameterized pair (A ,B(ξi))
approximately controllable ∀i = 1, . . . ,N, and hence one may
optimize the cost value J∗(x0,u) over this set of actuator
locations [15]. This amounts to solving the OARE for each
element in Ξ and setting up the now location-parameterized
optimal costs 〈x(t0),P(ξ )x(t0)〉X . The optimal actuator lo-
cation is given via ξ opt = arg minξ∈Ξ 〈x(t0),P(ξ )x(t0)〉X .

However, full state information is seldom feasible and
hence partial state information is given by the expression

y(t) =
∫ �

0
c(ξ )z(t,ξ )dξ = C x(t), (8)

where C is the operator associated with the observation dis-
tribution function1 c(ξ ). Using the input and output signals,
one may design a state estimator for (1) in abstract form

˙̂x(t) = (A −L C )x̂(t)+L y(t)+Bu(t), (9)

1implicitly assuming that the output operator C admits the kernel repre-
sentation C φ =

∫ �
0 c(ξ )φ(ξ )dξ .
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where the filter gain L is chosen appropriately, [14]. The
control law now takes the form (cf. (3))

u(t) = K x̂(t). (10)

Implicitly assumed, is the approximate observability [14]
of the pair (A ,C ). Associated with the proposed sensor
location optimization, we define the set of admissible sensor
locations

O =
{

ξ ∈ [0, �] : (A ,C (ξ )) is approx. observable
}

,

where C (ξ ) denotes the location-parameterized observation
operator. The control (10) requires simulating the observer
(9) and then utilize this estimate in (3) or in its abstract
representation (10). In practice, one uses a finite dimensional
representation of (1) or (4)

ẋn(t) = Axn(t)+ Bun(t)+ Dν(t), yn(t) = Cxn(t), (11)

where A,B,D,C are the matrix representations of the oper-
ators A ,B,D ,C respectively, and xn(t) the finite dimen-
sional representation of the state x(t), in order to design an
observer-based controller⎧⎨

⎩
un(t) = Kx̂n(t),
d
dt

x̂n(t) = (A−LC)x̂n(t)+ Lyn(t)+ Bun(t).
(12)

The implementation of the above controller (12) in the
infinite dimensional system (1) requires the on-line solu-
tion to the observer state, which for a large approximation
index n, imposes a heavy computational load. To address
this concern of the computational burden, we consider a
functional observer-based compensator and its associated
sensor location selection, which constitute the main theme
and contribution of this work.

III. SENSOR LOCATION OPTIMIZATION OF FUNCTIONAL

OBSERVERS

Instead of estimating the state x (or its finite dimensional
approximation xn) and then use that estimate in the control
expression (3) or (10), we consider a functional observer
where we now build an estimate of the product of K and x
in the term z(t) = Kx(t) and use as the control signal the
estimate ẑ with u = ẑ, see [11] for a procedure on finite
dimensional systems. For the case of a SISO system this
amounts to generating a scalar signal (filter) as opposed
to an n-dimensional estimate of the state and performing
multiplication by an n-dimensional vector in order to produce
the control signal in each time instance.

For brevity, we now omit the superscript n with the
understanding that it is the finite dimensional representation
of the infinite dimensional state that we consider.

A. Functional observer for fixed actuator and sensor loca-
tions

The use of a functional observer as a means to estimate a
feedback product Kx(t) and subsequently used as the control
signal is summarized. It is assumed that one has chosen a
priori both the actuator and sensor locations.

The equations describing the proposed functional
observer-based controller are found as follows:⎧⎪⎨

⎪⎩
ẇ(t) = Nw(t)+ Jy(t)+ Hu(t)
ẑ(t) = w(t)+ Ey(t),
u(t) = ẑ(t),

(13)

where the functional observer matrices are given by [9] and
summarized in the algorithm below:
Algorithm 1:

1) first define A = A(I −K†K) and C = C(I −K†K),
2) and then set

Σ =
[

CA
C

]
, F = KAK† −KAΣ†

[
CAK†

CK†

]
,

G = (I −ΣΣ†)
[

CAK†

CK†

]
,

3) then use pole placing techniques for Z in N = F −ZG,
4) set

[
E L

]
= KAΣ† + Z(I−ΣΣ†),

5) set J = L+ NE , and finally
6) solve the matrix equation PA−NP− JC = 0 for P, to

get H = PB.

The matrix K† above denotes the Moore-Penrore gener-
alized inverse of the matrix K. The control signal supplied
to the system is simply the output of the functional observer
(13), namely the estimate K̂x of Kx. The combined plant and
functional observer is given by

ẋ(t) = Ax(t)+ Bu(t)+ Dν(t), y(t) = Cx(t),
ẇ(t) = Nw(t)+ Jy(t)+ Hu(t),
u(t) = w(t)+ Ey(t).

(14)

When the above are combined, one then arrives at

d
dt

[
x
w

]
=

[
A + BEC B

(J + HE)C N + H

][
x
w

]

+
[

D
0

]
ν = A0x0 + D0ν,

(15)

where x0 �
[

xT w
]T

. A more convenient form of the
above system which may be used for well posedness and
stability analysis utilizes the error e � ẑ− z and is given by

d
dt

[
x
e

]
=

[
A + BK B

0 N

][
x
e

]
−

[ −D
PD

]
ν

= A1x1 −D1ν, x1 �
[

xT e
]T

.

One can establish the stability of the above system using the
fact that both A + BK (being the stable finite dimensional
approximation of the generator of an exponentially stable C0

semigroup) and N are stable and thus A1 is stable as well. The
fact that the exogenous signal is square integrable allows one
to conclude asymptotic stability of the closed loop system.

B. Sensor location optimization using functional observers
with a fixed optimal actuator location

Here, it is assumed that the actuator is optimally placed
by first assuming full state availability and optimizing an
associated LQR or H 2 performance measure with respect
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to the candidate actuator locations. This then makes the opti-
mization problem a two-stage optimization process in which
the actuator and sensor locations are optimized separately.
Basically, it is assumed that the actuator location is fixed
and chosen a priori using separate optimality criteria and
that only the sensor location is intended to be optimized.
The same is used when one has no flexibility in the actuator
placement and only the sensor location can be optimized.

In order to optimize the system with respect to the sensor
locations, one parameterizes the output matrix by the sensor
locations C(θ ) as derived, for example, from the expression

y(t) =
∫ �

0
δ (ξ −θ )ζ (t,ξ )dξ = ζ (t,θ ), (16)

for the case of pointwise measurements. It is therefore
assumed that there exists a finite set Θ ⊂ O defined by

Θ =
{

θ1,θ2, . . . ,θm

}
={

θ ∈ O : (C(θ ),A)observable pair and (13) feasible
}
.

Remark 3.1: The reason for considering the finite set Θ
instead of the set O for sensor location optimization is
twofold: first, due to practical design considerations, one
seldom has the freedom to place sensors in more than a
finite number of candidate locations; second, one avoids
considering a continuum of sensor locations as it would lead
to possibly infeasible optimization and hence by considering
a finite set Θ, one reduces to simple static optimization
techniques that represent considerable computation savings.

In order to find the optimal sensor location of the closed
loop system (15), one considers the combined closed loop
system parameterized by the sensor location

d
dt

[
x
w

]
=

[
A + BE(θ )C(θ ) B
(J(θ )+ H(θ )E(θ ))C(θ ) N(θ )+ H(θ )

][
x
w

]

+
[

D
0

]
ν = A0(θ )x0 + D0ν.

(17)
Alternative to the above, is the following closed loop system

d
dt

[
x
e

]
=

[
A + BK B

0 N(θ )

][
x
e

]
−

[ −D
P(θ )D

]
ν

= A1(θ )x1 −D1(θ )ν,

which may also be used for sensor location optimization.
One may then minimize the effects of the exogenous signal

ν on the augmented state x0 by optimizing the H 2 norm
from ν to x0. Thus, the optimal sensor location can be found
by minimizing Tx0ν(s,θ ) with respect to θ ∈ Θs. Towards
that end, one simply solves the θ -parameterized Lyapunov
(observability Gramian) equation

AT
0 (θ )Σ0(θ )+ Σ0(θ )A0(θ ) = −I, θ ∈ Θs. (18)

The above are now presented in the main result.
Lemma 3.1: Consider the finite dimensional representa-

tion (11) of the infinite dimensional system (1) or (4), along

with the finite dimensional representation of the feedback
control (6). Further assume that a finite number of sensor
locations from the set O exist such that the functional
observer (13) is feasible and which ensures that the matrix
A0(θ ) in (17) is Hurwitz for all θ ∈ Θs. Then, the optimal
sensor location is found via the expression

θ opt = arg min
θ∈Θs

‖Tx0,ν (s;θ )‖2

= arg min
θ∈Θs

√
trace[DT

0 Σ0(θ )D0],
(19)

and which results in a stable closed loop system having an
optimally placed sensor.

Remark 3.2: Alternative to the system (17), the Gramian
(18) and the optimization (19), one may consider

AT
1 (θ )Σ1(θ )+ Σ1(θ )A1(θ ) = −I, θ ∈ Θs,

and use the following for sensor location optimization

θ opt = arg min
θ∈Θs

√
trace[DT

1 (θ )Σ1(θ )D1(θ )].

Sketch of Proof of Lemma 3.1. Using the fact that for all the
sensor locations in Θ, the functional observer (13) is rendered
feasible, and that the resulting sensor location-parameterized
matrix A0(θ ) is Hurwitz when restricted to θ ∈ Θs ⊂ Θ, one
then arrives at a stable closed loop system. This is because
the matrix A0(θ ) is stable and the exogenous signal in (17) is
square integrable. Static optimization of the cost (19) over all
θ in Θs would then provide the (stable) functional observer
that minimizes the effects of the exogenous input signal on
the entire augmented state, see also [11] for detailed stability
arguments of a similarly proposed functional observer. �

Remark 3.3: It should be pointed out that in the finite di-
mensional case, the conditions for the existence and stability
of the functional observer (13), as taken from [9], are

rank

⎡
⎢⎢⎣

KA
CA
C
K

⎤
⎥⎥⎦ = rank

⎡
⎣ CA

C
K

⎤
⎦ , and

rank

⎡
⎣ sK −KA

CA
C

⎤
⎦ = rank

⎡
⎣ CA

C
K

⎤
⎦ ,

for all s ∈ C, Re(s) ≥ 0. The above conditions then define
the class of admissible gain feedback gains K and the set
of candidate sensor positions. Similar conditions may be
obtained from equation (2.20) of [11], which uses the finite
dimensional approximation (truncation) of the zero-state
response of diffusion equations with boundary measurements
and controls.

C. Collocated actuator/sensor location optimization using
functional observers

In the event that it is known and dictated a priori that
the actuator/sensor configuration must be collocated, which
for the case of a pointwise device translates to Bu(t) =
δ (ξ − θ )u(t) and C x(t) =

∫ L
0 δ (ξ − θ )ζ (t,ξ )dξ = z(θ ,t),
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one may integrate the actuator/sensor location optimization
into the functional observer in a similar fashion as above.
Using the above, one has the following C = B∗. In this
case one considers (17) with B replaced with CT (θ )

d
dt

[
x
w

]
=[

A +CT (θ )E(θ )C(θ ) CT (θ )
(J(θ )+ H(θ )E(θ ))C(θ ) N(θ )+ H(θ )

][
x
w

]

+
[

D
0

]
ν = A0(θ )x0 + D1ν,

(20)
and with the feedback gain K in (6) replaced by a location-
parameterized gain K(θ ) = −r−1C(θ )Π(θ ) which is found
by solving the Algebraic Riccati equation

AT Π(θ )+ Π(θ )A + Q+ Π(θ )CT(θ )r−1C(θ )Π(θ ) = 0.
(21)

An algorithm for the integrated functional observer-based
feedback with an optimal actuator/sensor location follows.
Algorithm 2:

(1) Define the set of admissible actuator/sensor locations
Θs which implicitly assume the feasibility of the func-
tional observer (13).

(2) for each θ ∈ Θs solve for the Riccati equation Π(θ )
(21) and set up the corresponding θ -parameterized
feedback gains K(θ ) = −r−1C(θ )Π(θ ).

(3) for each θ ∈ Θs, use the feedback gain K(θ ) from
step 2 and solve for the θ -parameterized matrices
N(θ ),P(θ ),E(θ ),H(θ ),J(θ ) of the functional ob-
server in (13) using Algorithm 1.

(4) set up the matrix A(θ ) in (20) for each θ ∈ Θs.
(5) for each θ ∈ Θs, find the associated H 2 norm from

ν to x0 by solving the θ -parameterized Gramian
AT

0 (θ )Σ0(θ )+ Σ0(θ )A0(θ ) = −I.
(6) the optimal actuator/sensor location is found via

θ opt = arg min
θ∈Θs

√
trace

[
DT

0 Σ0(θ )D0
]
. (22)

IV. NUMERICAL STUDIES

For our study, we consider (1) with

κ(ξ )= 0.05
(

1+0.3sin(2πξ/�)((sin3(ξ 3)+sin3((�−ξ )3)
)
,

a = 0, ζ (0,ξ ) = 5sin(πξ ), � = 1.6. Using n = 60 linear
elements, the finite dimensional representation of (1) was
simulated for t = 20 seconds.

First, by considering full state availability and using an
LQR cost functional with Q = I and r = 1, parameterized
by the admissible actuator locations, an optimal actuator
location was found at ξ = 0.508�. The optimization of
the pointwise sensor location in (19) predicted a location
at ξ = 0.967�. Similarly the optimization of a collocated
actuator/sensor pair via (22) in Algorithm 2 predicted the
optimal actuator/sensor location ξ = 0.4415�. For compari-
son, a sensor placed at the non-optimal location ξ = 0.996�
was used to simulate a controller based on a functional
observer. This functional observer-based controller (FOC)

used the same actuator location of ξ = 0.996�. Finally, a full-
order observer-based controller (LQG compensator) using
a sensor placed at ξ = 0.996� and a collocated actuator
(placed at ξ = 0.996�) was included in the simulation study
in order to give insight on the performance expectations and
computational benefits/disadvantages of a high dimensional
compensator versus that of a low dimensional functional
observer-based controller.

The evolution of the closed loop L2(0, �) state norm is
depicted in Figure 1. One may observe that the optimal
collocated sensor/actuator pair combined with the functional-
observer (dashed) may perform better than the case of a non-
optimally placed actuator/sensor (dotted) that employs a full-
order compensator (LQG controller). Even in the case where
the performance is comparable, one must not discount the
computational savings resulting from the implementation of
a functional-observer based controller; 60-dimensional LQG
compensator versus a 1-dimensional controller.

In addition to the above, the frequency response (mag-
nitude in dB) of the closed loop transfer function Tx,ν(s)
system for three cases is depicted in Figure 2: functional ob-
server with optimal sensor (solid), optimal collocated actua-
tor/sensor with functional observer (dashed) and non-optimal
sensor with functional observer (dotted). In the low fre-
quency range, one may observe that the functional observer
with a non-optimal sensor may not be able to attenuate dis-
turbances as well as an optimally placed sensor. This points
to the fact that while a functional observer-based controller
might be attractive from a computational/implementational
point of view, it nonetheless makes it imperative to also place
the actuator/sensor at an optimal location in order to intro-
duce an element of performance improvement comparable to
that of a full order observer-based controller.

This importance of the optimal sensor location can also
be observed in Table 1 in which the L2 norm, given by
‖z‖2

2 =
∫ 12

0

(∫ �
0 ζ 2(t,ξ )dξ

)
dt, is presented for various cases.

When an optimally placed sensor is combined with a func-
tional observer, it performs equally well as a non-optimally
placed sensor having a full order observer-based feedback.
Additionally, an optimally placed collocated actuator/sensor
pair with a functional observer-based controller appears to
perform better. While not reported here due to space limita-
tions, when an optimally placed sensor is used in a full-order
observer based feedback, it performs (as expected) better
than a functional observer based feedback with an optimally
placed sensor. The advantage of the functional observer
though, lies in the significant computational savings: simu-
lating a single scalar equation (13) versus an n-dimensional
system for the full-order observer-based feedback (12).

V. CONCLUSIONS

In this work, the sensor placement problem is combined
with the functional observer problem and applied to a 1-
D transport system governed by a parabolic differential
equation. First, it is assumed that full state is available to
build an H 2-based full state feedback controller. By param-
eterizing the optimal value of the H 2 control functional with
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respect to the candidate actuator locations, and performing
a simple static optimization, the optimal actuator location
was calculated. This resulted in the best performance with
the smallest H 2 cost for all candidate actuator locations.
Second, by building a functional observer that estimates
the weighted sum of the states, an estimate of the control
input was then resulted as the outcome of this observer. By
parameterizing now the closed loop system, consisting of the
plant and the functional observer, by the candidate sensor
locations, the optimal sensor location was found as the one
that minimized the effects of the exogenous input signal on
the entire state. This was possible by solving the associated
location-parameterized Lyapunov equation and (statically)
minimizing with respect to the candidate sensor locations.
The case of a collocated actuator/sensor pair was considered
in the context of a joint optimal location and a functional
observer-based controller. The procedure was similar in spirit

TABLE I

TABLE 1. L2
(
[0,20];L2(0,�)

)
NORMS FOR DIFFERENT CASES.

case L2 norm
non-opt. collocated actuator/sensor w/ FOC 5.9367
opt. sensor, fixed actuator w/ FOC 4.8813
non-opt. collocated actuator/sensor w/ LQG 4.1053
optimal collocated actuator/sensor w/ FOC 2.7806

as the one for the sensor location optimization. The major
advantage of the proposed work lies in the considerable
computational savings resulting from the estimate of a single
scalar quantity (filter) than estimating the entire state and
then multiplying it by the feedback gain.
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[2] D. Uciński, Optimal Measurement Methods for Distributed Parameter
System Identification. Boca Raton: CDC Press, 2004.

[3] C. Antoniades and P. D. Christofides, “Computation of optimal actua-
tor locations for nonlinear controllers in transport-reaction processes,”
Computers and Chemical Engineering, vol. 24, pp. 577–583, 2000.

[4] ——, “Integrating nonlinear output feedback control and optimal
actuator/sensor placement for transport-reaction processes,” Chemical
Engineering Science, vol. 56, pp. 4517–4535, 2001.

[5] J. Borggaard, “A continuous control design method,” in Proceedings
of the 15th International Symposium on Mathematical Theory of
Networks and Systems, University of Notre Dame, August 12-16 2002.

[6] M. A. Demetriou, “Numerical investigation on optimal actuator/sensor
location of parabolic pde’s,” in Proceedings of the 1999 Americal
Control Conference, San Diego, June, 2-4 1999.

[7] ——, “Optimization of sensor locations in transport systems using
functional observers,” in Proceedings of the 9th IEEE International
Conference on Methods and Models in Automation and Robotics,
Miedzyzdroje, Poland, August 25-28 2003.

[8] C.-T. Chen, Linear System Theory and Design. New York: Holt,
Rinehart and Winston, Inc., 1984.

[9] M. Darouach, “Existence and Design of Functional Observers for
Linear Systems,” IEEE Trans. Automatic Control, vol. 45, no. 5, pp.
940–943, 2000.

[10] R. D. Gupta, F. Fairman, and T. Hinamoto, “A direct procediure for
the design of single functional observers,” IEEE Trans. Circuits and
Systems, vol. 28, no. 4, pp. 294–300, 1981.

[11] M. Aldeen and H. Trinh, “Reduced-order linear functional observer
for linear systems,” IEE Proceedings, pp. 399–405, 1999.

[12] R. Okabayashi and K. Furuta, “Arbitrary pole assignment using
dynamic compensators based on linear function observers,” in Pro-
ceedings of the 37th IEEE Conference on Decision and Control,
Tampa, Florida, December 1998, pp. 1734–1739.

[13] R. Dautray and J.-L. Lions, Mathematical Analysis and Numerical
Methods for Science and Technology. Berlin Heidelberg New York:
Springer Verlag, 2000, vol. 2: Functional and Variational Methods.

[14] R. F. Curtain and H. J. Zwart, An Introduction to Infinite Dimensional
Linear Systems Theory, ser. Texts in Applied Mathematics, Vol. 21.
Berlin: Springer-Verlag, 1995.

[15] S. Omatu and J. H. Seinfeld, Distributed Parameter Systems: Theory
and Applications. New York: Oxford University press, 1989.

7192


	MAIN MENU
	PREVIOUS MENU
	---------------------------------
	Search CD-ROM
	Search Results
	Print


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (None)
  /CalCMYKProfile (None)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveEPSInfo false
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /Description <<
    /JPN <FEFF3053306e8a2d5b9a306f300130d330b830cd30b9658766f8306e8868793a304a3088307353705237306b90693057305f00200050004400460020658766f830924f5c62103059308b3068304d306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103057305f00200050004400460020658766f8306f0020004100630072006f0062006100740020304a30883073002000520065006100640065007200200035002e003000204ee5964d30678868793a3067304d307e30593002>
    /DEU <>
    /FRA <>
    /PTB <>
    /DAN <>
    /NLD <>
    /ESP <>
    /SUO <>
    /ITA <>
    /NOR <>
    /SVE <>
    /ENU <FEFF005500730065002000740068006500730065002000730065007400740069006e0067007300200074006f0020006300720065006100740065002000500044004600200064006f00630075006d0065006e007400730020007300750069007400610062006c006500200066006f007200200049004500450045002000580070006c006f00720065002e0020004300720065006100740065006400200031003500200044006500630065006d00620065007200200032003000300033002e>
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice




